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Intelligent agent

Article Talk

From Wikipedia, the free encyclopedia

For the term in intelligent design, see Intelligent designer.
Not to be confused with Embodied agent.

In artificial intelligence, an intelligent agent is an entity that perceives

takes actions autonomously td achieve goalsfand may
improve its performancefthrough machine learning or by acquiring

knowledge. Leading Al textbooks define artificial intelligence as the
"study and design of intelligent agents," emphasizing that goal-directed

behavior is central to intelligence.
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& windows PowerShell X 4 - = =
) GitHub - Signsficant-Gravitas/Au. X

nt 1. Download and install git. When prompted to select a text edi
tor, select the most appropriate editor. I chose to use Notepad++.
All other choices can be kept at..." }, { "title": "Autonomous ag
ents Auto-GPT and BabyAGI are bringing AI to the masses", "href":
"https://www.fastcompany.com/90880294/auto-gpt-and-babyagi-how-aut
onomous—agents—are-bringing-generative-ai-to-the-masses", "body":
"Developed by Toran Bruce Richards, Auto-GPT is described on GitHu
b as a GPT-U4-powered agent that can search the internet in structu
red ways. It can create subtasks and launch new agents to..." } ]
AUTOGPT-DEMO THOUGHTS: The next step would be to browse the GitHu
b repository of Auto GPT. This will help us to gather more informa
tion about the project and understand it better.

REASONING: Browsing the GitHub repository is the best way to gath
er more detailed information about the project and understand its
functionality.

PLAN

Browse the Github repository of Auto GPT\n- Explore the reposit

ory to understand the project better\n— Write a document explainin
g what Auto GPT is

AutoGPT Analyzing Page CRITICISM: I need to ensure that I focus on identifying the key f
unctionalities of Auto GPT and understand the codebase effectively

so that I can accurately describe the project in the document I w
rite.
Attempting to fix JSON by finding outermost brackets

@ github.com

COMMAND = W ARGUMENTS =
DevTools listening on ws://127.0.0.1:51145/devtools/browser/8e8af6
81-1a99-U486e-8U419-426302f6b3aa
Text length: 25053 characters
Summarizing chunk 1 / 4

Summarizing chunk 2 / 4
Summarizing chunk 3 / 4

AUutoGPT H sl #1217 17578 I
e i ARy WL

AutoGPT. https://github.com/Significant-Gravitas/ AutoGPT hitp://www.lamada.nju.edu.cn
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Open World APIs. Liu et al.
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Picture is taken from A Survey on Large Language Model based Autonomous Agents. Lei Wang, et al. 2024. http://WWW. lamda. nju .edu.cn
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Jing-Cheng Pang, et al. Knowledgeable Agents by Offline Reinforcement Learning from Large http://vvww.lamda.nju.edu.cn
Language Model Rollouts. NeurlPS 2024.
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KALM steps:
1. LLM grounding that grounds LLM in the control data;

2. Rollout generation that generates imaginary rollouts;
3. Skill acquisition that trains the policy with RL algorithms.

Jing-Cheng Pang, et al. Knowledgeable Agents by Offline Reinforcement Learning from Large http://vvww.lamda.nju.edu.cn
Language Model Rollouts. NeurlPS 2024.



KALM: 25ZRLAYEE

= LAIVIDA

E Learning And Mining from DatA
http://www.lamda.nju.edu.cn

I Supervised fine-tuning I

text B0 state action

S )
(B) Sy
e N i i

==
t ot
Goal: pick up the cup ... Rollout: [sy, «, ... ]
\ y

@ Pick up the cup

Goal description

Modify the LLM structure

™ N\
B B
Generate a rollout for the Explain the following rollout S
following goal. Goal: open for me. Rollout:
the door. Rollout: [s0, a0, S1,a4 -..] . Explanation:
[s0,ag, 51,04 -] turn off the light ...

SFT to understand state, action and dynamics

http://www.lamda.nju.edu.cn



Meta-world

Success Rate (%)

CLEVR-Robot

KALM: 25ZRLAYEE

L=
==

LAVIDA

Learning And Mining from DatA
http://www.lamda.nju.edu.cn

[

72w/ KALM
[ wio KALM

5

Success Rate (%)
= = e i
5

e w = o

4 wi KALM

[ wio KALM

Success Rate (%)

e th 7 =AW Tt
B REAE R WAL

60

w
=3

Success Rate (%)

w/ KALM
1 w/o KALM

=)

ot

CQL BC

(a) Task in offline data

Success Rate (%)

=)

w/ KALM
[ w/o KALM

0

CQL BC

(b) Rephrasing goals

b
=3

Success Rate (%)

=

S w»n

.
w/ KALM
1 wio KALM

CQL BC

(c) Unseen (easy)

([ pZrreerzrras

7 EPATEIE,
iToffline RLATI,
SOTA V4=

C274 wi KALM
[ w/o KALM

1

CQL BC

(d) Unseen (hard)

http://www.lamda.nju.edu.cn



. RL
KA LM * m Hggg! Learning And Mining from DatA

Goal: Use the green ball as the Goal: Utilize the gripper system to

nucleus of the circle, arranging nawgatg the speafted object to the desired
. destination, with awareness of the wall
the rest around it.

obstructing the path.
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Figure 3: Experiment results of extending KALM method to visual input Meta-world benchmark. First row: ground-truth rollout.
Second row: imaginary rollout generated by KALM. Language goal: Use the clamping tool to open the window. The generated
rollout depicts the correct robotic movement towards the given goal. (Reviewer #JwPT)
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LLM Powered Autonomous Agents. Lilian Weng.
AutoGPT. https://github.com/Significant-Gravitas/AutoGPT.

From Summary to Action: Enhancing Large Language Models for Complex Tasks with
Open World APIs. Liu et al.

. AutoGLM-web. https://ai-bot.cn/autoglm-web/.

A Survey on Large Language Model based Autonomous Agents. Lei Wang, et al. 2024.
Knowledgeable Agents by Offline Reinforcement Learning from Large Language
Model Rollouts. Jing-Cheng Pang, et al. NeurlPS 2024.
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Intelligent agent

Article Talk

From Wikipedia, the free encyclopedia

For the term in intelligent design, see Intelligent designer.
Not to be confused with Embodied agent.

In artificial intelligence, an intelligent agent is an entity that perceives

takes actions autonomously t¢ and may
hrough machine learning or by acquiring
knowledge. Leading Al textbooks define artificial intelligence as the

"study and design of intelligent agents," emphasizing that goal-directed
behavior is central to intelligence.
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